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A Comparative Study on Synthetic Origin-Destination Matrix
Estimation Methods from Partialy-Observed Link Counts

Yohan Chang* + Daehyon Kim** - Seongkil Cho***
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ABSTRACT : The Origin-Dedtination trip matrix(O-D matrix) is an essentia ingredient in a wide
variety of travel planing and analysis sudies. The O-D matrix estimation from observed link counts
has atracted a lot of interests, and various methods have been proposed to obtain O-D matrices
based on link counts. Until recently, the most commonly used models are Entropy Maximization,
Most Likelihood, Generdlize Least Square, Bayesian Estimator. These methods are, however,
senditive to the errors that are associated with the prior O-D informations, and the estimates may
not be accurate in some Stuations, for example, under an abrupt lan-use change, missing data, high
sampling errors or partidly observed link counts. In this study, we compare with some models which
available for congestion load networks in same prior information conditions. The selected models
are Turnquist and Gur(1979), Spiess(1990), Nidsen(1998), Cho and Moore(2000), Cho(2008), and
Backpropagation.
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